) Al-assisted data analysis for target-biomarker

Q-omics discovery and mechanistic insights

https://gqomics.ai
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MetaDB MetaDB
Over 1 billion multi-omics data point Ontg‘logy ~ DR
30 billion cross-associations reinforced by consensus scores. i |
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Bio-LDM (Biological Large Data Model)

A breakthrough Al model trained on NetCrafter knowledge graphs (Omics data + !
Ontology), discovers hidden gene-gene interaction and mechanisms. f *
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: : . : * User data integration Disecase ~ Drug  Biomarker
data analysis workflows and interpretations from natural-language queries. : g prediction response discovery
prediction

Meta DB prioritizes Al interprets omics data
reproducible targets and biomarkers

© NetCrafter: Ontology-derived sample-specific gene network modeling

© Consensus scoring on >30 billion associated data pairs in MetaDB © Bio-LDM: Novel foundation model for predicting hotspots and gene

— Reliable targets and biomarkers across lineages and subtypes -gene interactions
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* PDCD1 expression was significantly associated with patient survival in 28 of 34 TCGA cancer types (p-values <« @ ,
Each lineage's result is itself backed by many sampling conditions. % 10 f .
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Text-to-Data mining _ . Executable Insights \ Connect LLMs with Q-omics
Al-inferred task : Your Al agents for research & drug discovery pipelines

[Tasks]

i

Task 1: Discover CRISPR knockout dependencies associated with

Research digest - Essential findings & trends from recent literature

BRCA1 mutation in breast cancer cells Is TP53 a consistent hit in BRCA across survival, tumor-vs-normal expression,
Al_assisted Resea rch Mapping gene knockout.s. that are signific.a.n.tl}r assc-_ciated with BRCA? .mutaticm staty and drug response?
S reveals potential synthetic lethal vulnerabilities specific to BRCA1-deficient breast '
u m mary cancers. These candidate dependencies are consensus-validated within the breast
cancer lineage to ensure technical reproducibility across various cell line sampling s
25 papers self lineag hnical reproducibility Il pling sp
Architected multi-pronged analysis strategy for TP53 significance across three cancer dimensions
Keywords: Knowledge graphs, Graph neural networks, Transcriptomic buffering, Multi-omics ) . )
integration, Genetic dependency . ) Orchestrated multi-dimensional analysis of TP53 across BRCA datasets
¥ Summary Task 2: Profile the pan-cancer landscape of FTS)3 RNA expression
in patient tumors All three pillars are now measured, and the picture is clear. Let me pull the visualization
Advanced computational models, particularly knowledge graph-based neural netwof idancesol summarize cl Iv
and muli PSMC3IP & RBP3 Sarmole sof . Quantifying FTSJ3 mRMNA abundance across diverse tumaor tissues reveals lineage- BEACHIICS Sl SLZELICANTY-
| cempesplt hvltrans? No — TP53 is not a consistent hit across these three axes in BRCA. It's a strong,
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1 R Drug - Nutlin-3a, MDM2i (mut) p < 0.001
O O3(Overall Survival)  © DFS(Disease Free Survival) [ Stage | ¥ Female P
! v Stage I ¥ Male * This box plot compares CIP2A abundance between normal and -
E 2:3: :t, Update . tumor tissue in BRCA. Abundance was measured in 111 normal 0 0.5 1.0 15 2.0 25 3.0 36
= p-value - log(ranked test) Save plot | I efc. plot and 111 tumor samples and compared by #test. -10g:0(p)
= CIP2A abundance was significantly higher in tumor tissue than in

normal tissue, with a log2 fold-change of 1.39 (p < 0.001).

Diverse applications including: Availability & Collaboration

Drug target and biomarker discovery  Tumor- antigen discovery  Explore Q-omics Saa$ at https://qomics.ai, AWS Cloud and via

Functional interpretation for underlying ¢ Undruggable targets and new modalities MCP on Claude and ChatGPT
mechanisms and disease phenotypes In drug discovery

, __ _ _ * For collaboration, we offer partner-specific Evident Sprint,
Biomarkers in immunotherapy response « Al-assisted analysis of user data cloud/API integration and confidential PoC options

Synthetic lethal gene pairs
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